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Abstract
In this paper, we validate conjoint experiments as a measure of the content of stereotypes about
politically relevant groups. Stereotypes are politically consequential, but their content can be
difficult to measure. The conjoint measure of stereotype content, in which respondents see
profiles describing hypothetical persons and rate these persons’ degree of belonging to the target
group, offers several advantages over existing measures, which rely on respondents to directly
report the content of their stereotypes. However, no existing work evaluates the validity of this
new measure. We evaluate this measurement technique using a case where an extensive existing
literature gives us strong a priori expectations: stereotypes of welfare recipients. We find that
aggregate stereotypes, measured via a conjoint experiment, match expectations: white Americans
see welfare recipients as black, female, and violating the norms of work ethic. Individual-level
stereotypes also predict welfare policy support—even when other demographic and ideological
factors are accounted for. We also demonstrate the advantages of the conjoint measure by using
it to compare the relative importance of different elements of the stereotype, shedding light on
longstanding disputes about the relative importance of race and deservingness as well as on more
recent debates about the role of immigration status in the welfare recipient stereotype. Finally,
we suggest an improvement in the wording of the conjoint task. Overall, we confirm that
conjoint experiments provide a valid measure of stereotypes.
Keywords: conjoint experiments, public opinion, stereotypes, survey methods, welfare
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Politics often forces individuals to develop conceptions of objects—concepts, groups,
categories—that are distant, abstract, and outside of their everyday experience. To develop
opinions or attitudes that involve these objects, they must rely on mental representations of these
objects, what Lippman (1922) famously referred to as the “pictures in our heads” that guide
public opinion. These stereotypes do not necessarily correspond to reality, though their common
cultural sources mean that they are likely to be shared, at least among people who share a
culture. They nevertheless have great political import. Stereotypes of social groups strongly and
significantly predict attitudes towards partisans (Ahler and Sood 2018), immigrants (Blinder
2015; Zhirkov 2021b), welfare recipients (Gilens 1999), and candidates (Karl and Ryan 2016;
Schneider and Bos 2011). On the societal level, politically relevant populations that are
negatively stereotyped in the eyes of the mass public are disadvantaged in terms of policy
outcomes (Schneider and Ingram 1993).
Exploring the content of these mental representations is essential to understanding the
role that they play in political processes. Yet, doing so is difficult. Stereotypes are
multidimensional, such that measuring their content requires measuring multiple attributes of
various kinds.1 For example, stereotypes of welfare recipients, the substantive case we study,
include demographic characteristics (e.g., race and gender), personality traits (e.g., being lazy),
and behaviors (e.g., drug use). Further, the attributes making up a stereotype vary in importance,
or centrality, to the stereotype. Finally, individuals may not have conscious access to the content
of the stereotypes they hold, and even if they do, may be motivated to describe them in a socially
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Our approach differs from those that attempt to reduce stereotype content to one or two dimensions (e.g., Fiske
et al. 2002), because studying the implications of specific stereotype components—such as, for instance, race
vs. “deservingness” in the case of welfare recipients—is often of substantive interest to political scientists.
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desirable way—creating challenges for traditional methods of measuring stereotype content that
rely on direct questioning.
In this paper, we evaluate the validity of an alternative approach that measures
stereotypes by asking respondents to categorize individuals in the context of a conjoint
experiment (Flores and Schachter 2018; Goggin, Henderson, and Theodoridis 2020; Schachter,
Flores, and Maghbouleh 2021). Such experiments show respondents a series of “profiles” that
each describes a person in terms of a variety of attributes and then ask subjects to guess that
person’s category membership. In theory, this task—categorization—has the advantage of
directly mirroring the psychological function of stereotypes: sorting individuals into groups.
Effects obtained from such conjoint experiments are interpreted as the contributions of the
respective attributes to the stereotype of the target group. Since these effects are measured on the
same scale, this method can also compare the relative importance of attributes to the stereotype.
However, despite the novelty of the conjoint-based stereotype measure, the existing
studies avoid any discussion of validity. While some work validates the use of conjoint
experiments to measure preferences (Hainmueller, Hangartner, and Yamamoto 2015; Jenke et al.
2021), none examines its validity as a measure of stereotypes. In this paper, we evaluate the
validity of this measure by using it to measure stereotypes about welfare recipients among white
Americans. The extensive literature on these stereotypes (e.g., Brown-Iannuzzi et al. 2017;
DeSante 2013; Gilens 1999) provides us strong a priori expectations for stereotype content,
which we use to generate a series of validity tests for the conjoint measure of stereotypes. Using
data from a demographically representative survey of white Americans, we find support for face,
concurrent, and predictive validity.
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In addition to validating the measure, we introduce two innovations to the conjoint
measurement of stereotype content. One weakness of existing uses of the conjoint measure of
stereotypes is that they show only aggregate stereotypes, limiting researcher’s ability to examine
the individual-level correlates of stereotype content. We apply recent methodological advances
in conjoint methodology to obtain individual-level estimates of stereotype content (Zhirkov
2021a), that can be used as covariates in inferential analyses. Second, we use an embedded
question-wording experiment to compare the phrasing of conjoint tasks used in recent published
work (how likely it is that profiles belong to the target group) to an alternative drawn from an
older psychological literature on categorization (how typical profiles are of the target group). We
find that the latter produces a better measure of stereotype content.
Finally, the results of this study also have important substantive implications for the
politics of welfare in the United States. One advantage of the conjoint measure of stereotype
content is that it allows researchers to compare the relative importance of different attributes to
the stereotype. In the context of stereotypes about welfare recipients, we find that while race,
gender, and deservingness all contribute to the stereotype, gender and deservingness play a larger
role than race. We also find that, on average, welfare has not become associated with immigrants
in the minds of Americans; however, those who do stereotype welfare recipients as
undocumented immigrants are less supportive of welfare policies.
Stereotypes: Nature and Measurement
Stereotypes are “beliefs about the features and characteristics that are associated with social
groups” (Bodenhausen, Kang, and Peery 2012, 320), or “pictures in our heads” (Lippmann
1922), that allow us to make sense of the social world. Stereotypes allow us to classify other
individuals into groups and, having so classified them, draw inferences about what attributes to
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expect from them (Hilton and Von Hippel 1996). Rather than learn about each individual one
meets, one can save mental energy by categorizing that individual as a member of a group based
on salient features and then applying the content of the group stereotypes to the individual. This
content, the set of attributes forming the stereotype, might include traits, demographic features,
or behaviors that are associated with the group. Among these attributes, some are perceived as
more important or central to the stereotype than others. Individuals are categorized as group
members, and as more or less prototypical group members, depending on how well they match
the stereotyped set of attributes, with more central attributes playing a larger role in this decision
than less central attributes. Exactly how stereotypes are stored and retrieved is a subject of debate
(Garcia-Marques, Santos, and Mackie 2006; Sherman 1996), but all models share these basic
aspects: abstraction, generalization across individuals, and the ability to accommodate a wide
range of different attributes.
These core features of stereotypes imply several qualities that a measure of stereotype
content should have. First, the ideal measure should recognize the multi-dimensional nature of
stereotypes; stereotypes are not merely “positive” or “negative,” but a complex mix of attributes
that can include positive, negative, and neutral qualities. Second, the measure should be able to
accommodate a variety of attributes: demographic characteristics, personal traits, beliefs the
group is thought to hold, behaviors the group is thought to engage in, etc. Third, it should be able
to measure not only whether each attribute is part of a stereotype, but also the importance or
centrality of each attribute to that stereotype. Fourth, certain stereotypes are subject to social
disapproval, and thus measures that rely on direct reports may be particularly susceptible to
social desirability bias.
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Most existing measures of stereotypes used in behavioral political science lack one or
more of these qualities. The stereotype battery in the American National Election Studies
measures traits (e.g., “hardworking” or “intelligent”), but not other attributes that may go into a
stereotype (e.g., behaviors or demographic characteristics). Moreover, ratings on these traits tend
to be highly correlated, even when they ask about seemingly distinct qualities. As a result,
prominent uses of these items combine them into scales to measure general inter-group affect,
such as ethnocentrism (Kinder and Kam 2010). Thus, while useful as measures of general intergroup attitudes, they do not provide a measure of the specific content of group stereotypes.
Other methods allow for the measurement of more specific content, but come with their
own weaknesses. The adjective-identification paradigm can accommodate a large number and
range of attributes (Katz and Braley 1933), but it does not measure their relative importance
(though for an attempt to do so, see Schneider and Bos 2011). Open-ended responses allow for
the reporting of a wide range of traits (Garcia-Marques, Santos, and Mackie 2006; Rothschild et
al. 2019), but also make it hard to measure traits’ relative importance and depend on coding
procedures. Several recent studies of partisan stereotypes attempt to measure perceptions about
the demographic make-up of parties (Ahler and Sood 2018; Mason and Wronski 2018), but do
not incorporate non-demographic attributes and rely on individuals’ estimates of proportions that
can be biased (Landy, Guay, and Marghetis 2018). Importantly, all of these measures rely on
explicit reports that may be affected by social desirability bias. Implicit measures of stereotypes
based on time-response tasks have been used as well (e.g., Winter 2010), but they are difficult to
implement outside of the lab and require substantial cognitive effort on respondents’ part.
Conjoint Experiments as a Measure of Stereotypes
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We argue that conjoint experiments offer a better way to measure stereotype content because
they have many of the qualities needed to ideally measure stereotypes. As noted above, conjoint
experiments present participants with profiles composed of a set of attributes, with each attribute
taking on one of several possible values. For each profile, the value of each attribute is
independently randomized. Participants are then asked to choose from pairs of profiles or rate
each profile according to some instruction. The independent randomization of these attribute
values can, under certain assumptions, be used to calculate the independent effect of each
attribute value on the rating or selection of profiles (Hainmueller, Hopkins, and Yamamoto
2014). These estimates, termed average marginal component effects (AMCEs), provide the effect
of a given level of an attribute relative to other possible levels of the attribute.
One downside to AMCEs is that these represent the average effect of each attribute value
across the entire sample—or specific subsamples. However, more recent work has extended this
framework to allow for measuring the effects of attributes at the respondent level, or individual
marginal component effects (IMCEs; Zhirkov 2021a). IMCE estimation takes advantage of the
fact that respondents in conjoint experiments usually rate multiple profiles with randomized
attribute values. As a result, it becomes technically possible to estimate marginal component
effects for each individual respondent. Such estimation does not rely on any assumptions other
than those already required for the standard conjoint analysis. However, feasible estimation of
IMCEs adds some requirements to the conjoint design: an interval outcome scale, as well as
maximizing the number of rated profiles and minimizing the number of values per attribute.
Conjoint designs in political science are mostly used to measure the effect of attribute
values on choice, such as what immigrant to admit or which candidate to vote for. However,
some recent work uses conjoint experiments to measure mental associations between categories
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of people and attributes; in short, stereotypes (Flores and Schacter 2018; Goggin, Henderson, and
Theodoridis 2020; Schachter, Flores, and Maghbouleh 2021).2 In these studies, participants are
presented with profiles describing hypothetical persons and are asked to choose more likely
group members or rate the profiles’ likelihood of belonging to the group. The resulting AMCEs
are interpreted as measuring the commonly held stereotypes about the group in question.
This use of a conjoint experiment appears to provide a good measurement of stereotype
content because, as closely as is possible in the survey context, it models the real-life
categorization task that stereotypes are used for (Macrae and Bodenhausen 2000). Moreover, the
conjoint task does not rely on individuals’ ability and willingness to access and report the content
of their stereotypes—it simply asks them to recognize group members when they appear.
Additionally, the conjoint measure can accommodate a large number of attributes as well as a
variety of different kinds of attributes without the human coding decisions required by openended measures. Since the AMCEs and IMCEs for these attributes refer to the same outcome
variable, researchers can use them to measure the relative importance or centrality of these
attributes. Finally, some evidence suggests that conjoint experiments reduce social desirability
bias because the large number of attributes make respondents feel that they can “conceal”
socially undesirable motivations behind any given decision (Horiuchi, Markovich, and
Yamamoto 2020). The conjoint experiment has practical advantages as well: it can be easily
placed into online surveys, takes less survey time than measures like the adjective identification
task, and requires less researcher involvement to interpret than open-ended responses.

2

Notably, these authors do not use the term “stereotypes.” Some say they are measuring the “social construction”
of the target groups (Flores and Schachter 2018), while others describe their analysis as measuring “associative
networks” between attributes and groups (Goggin, Henderson, and Theodoridis 2020). Stereotypes, however,
are defined in the psychological literature exactly as clusters of attributes associated with groups that are to a
large degree socially constructed.
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Yet, despite the strong prima facie case for using conjoint experiments to measure
stereotypes, no existing work validates this use. Conjoint experiments have been shown to match
real-world choices in some arenas (e.g., Hainmueller, Hangartner, and Yamamoto 2015), a fact
cited as evidence of validity of the conjoint measurement of stereotypes (Flores and Schachter
2018, 845). However, translating the results of conjoint experiments into choices is
straightforward since these conjoint experiments literally ask individuals to make choices.
Translating conjoint results into stereotypes is not as straightforward: it relies on inferring the
content of group stereotypes from the ratings of specific profiles, and depends on how profiles
presenting rare combinations of traits are perceived,3 and assumes that respondents classify
conjoint profiles in the same way they classify actual humans in the real world. None of this is to
suggest that the conjoint experiment cannot be a valid measure of stereotype content, but merely
that its validity should not simply be assumed, as existing studies do.
In addition to validating this measure, we embed a question-wording experiment to
evaluate two different ways to phrase the conjoint task instruction. Existing work in political
science and sociology asks participants whether or how likely it is that the person described in a
conjoint profile is a member of the target group (e.g., Flores and Schacter 2018; Goggin,
Henderson, and Theodoridis 2020); we refer to this as the “likelihood” instruction. However,
psychological studies of object categorization and stereotype content generally ask subjects to
rate the typicality of an object or person for the target category or group (Garcia-Marques,
Santos, and Mackie 2006; Heit and Nicholson 2010); we refer to this as the “typicality”
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As Flores and Schachter (2018, 846) note, “these uncommon combinations—the result of randomizing all the
treatments—are what allow us to untangle effects of characteristics that commonly co-occur.” However, the
authors do not explicitly discuss this issue as a threat to measurement validity. For a point on the importance of
real-life attribute values’ distributions for conjoint experiments measuring preferences, see De la Cuesta, Egami,
and Imai (2021). It is unclear, however, whether the same concern applies to conjoint experiments measuring
stereotypes since their goal is to explore the distributions of attributes in the minds of voters.
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instruction.4 This literature provides reasons to believe that the typicality instruction will produce
a better measure of stereotype content. A key feature of stereotypes is that group members vary
in the degree to which they are seen as “good,” or prototypical, exemplars of the group (GarciaMarques et al. 2006), depending on how well their attributes match the content of the group
stereotype. An individual can clearly be a group member while also being poor example of the
group’s characteristics.5 Asking respondents to assess typicality may produce a more accurate
measure by avoiding classifying atypical persons as being highly characteristic of the target
group.
Substantive Case: Stereotypes of Welfare Recipients
We evaluate the use of conjoint experiments to measure stereotypes using an important
substantive case: stereotypes of welfare recipients. Welfare has long been the most controversial
governmental assistance program in the United States (Goren 2008; Shapiro et al. 1987), and
attitudes on this issue have been driven by stereotypes of who is on welfare, which often diverge
from reality (Gilens 1999). As a result, the study of stereotypes of welfare recipients and their
consequences has a long history in political science. Moreover, these stereotypes have been
consequential, driving public opinion and policy decisions such as the Personal Responsibility
and Work Opportunity Reconciliation Act of 1996 (Weaver 2000), that famously “ended welfare
as we [knew] it.”

4

5

Studies in the object-categorization literature generally solicit typicality ratings by asking how “good” an
exemplar is of a category. Following Garcia-Marques et al. (2006), we do not ask how “good” each exemplar is
because this may invite normative judgement, which is particularly problematic when measuring a normatively
loaded category like “welfare recipients.” While Garcia-Marques et al. (2006)’s studies with Portuguese
participants use ask how “characteristic” exemplars are, we simply ask how “typical” they are because “typical”
is the more commonly used word in English.
For example, people with Ph.Ds. are very likely to be Democrats but also atypical of the category “Democrats.”
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A central part of the stereotype of welfare recipients is that they are undeserving:
unwilling to work hard and instead opting to receive resources without putting in effort.
Deservingness may be an ingrained heuristic meant to prevent freeriding behavior and cheaters,
which, translated into modern times, often relies on shortcuts such as employment status
(Petersen 2012). Americans therefore distinguish between “undeserving” welfare recipients and
the deserving poor (Appelbaum 2001; Goren 2003), with the former purportedly taking
advantage of government “handouts” and becoming dependent on them rather than actively
searching for employment. Conversely, those that are seeking employment or who have
contributed to society financially are viewed as deserving. For instance, redistributive programs
delivered via tax credits enjoy greater levels of support because their recipients are perceived as
more deserving (Ellis and Faricy 2020). By extension, Americans tend to also believe that
welfare recipients—and the poor generally—are lazy or freeriding, as well as more likely to
abuse substances, be violent, or have a criminal record (Admundson, Zajicek, and Kerr 2015;
Clawson and Trice 2000). This perception that welfare recipients do not work hard enough to
achieve economic independence violates American values of individuality and hard work
(DeSante 2013). As a result, Americans who score high on individualism are less supportive of
social welfare programs, and of welfare in particular (Federico 2006).
Race also plays an important role in stereotypes of welfare recipients. People are more
likely to say that a person is black if the image of that person is labeled “welfare recipient,”
compared to an image of someone not labeled as being on welfare (Brown-Iannuzzi et al. 2017).
Blacks are most prominent in the most negative and stereotypical stories on poverty, the
underclass, urban problems, and welfare reform and pregnancy (Clawson and Jett 2019).
Conversely, the working poor are overwhelmingly portrayed as white. The role of race, however,
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may vary with economic conditions, with welfare stereotypes growing less racialized during
economic downturns (Gilens 1999, 123–27).
Stereotypes of welfare recipients as nonwhite translate to lower support for redistributive
programs among whites. Those higher in racial resentment tend to be less supportive of welfare
(Rabinowitz et al. 2009), particularly when they are given contextual racial cues (Banks 2014).
Further, more recent studies have found that white participants’ racial attitudes predict welfare
attitudes even when they are not exposed to racial cues (Tesler 2016; Valentino, Neuner, and
Vandenbroek 2018). At the same time, some scholars argue that whites’ opposition to welfare is
a result of individualist values and ideological beliefs about limited government, not stereotypes
of welfare recipients as nonwhite (Peffley, Hurwitz, and Sniderman 1997).
Gender and parentage are also prominent in stereotypes of welfare recipients. In
conservative rhetoric, single mothers embody the undeserving welfare recipient in the minds of
Americans via the “welfare queen” stereotype (H. Brown 2013). At the extreme, women are
accused of having more children solely for the purpose of increasing the amount of welfare
money they receive. This view was sufficiently mainstream to drive policies like the “family
cap,” which denied additional cash assistance to families that had new children while on welfare
(Pierson-Balik 2003). Furthermore, Americans tend to perceive women with children on welfare
as also being unmarried; in fact, many Americans believe that being on welfare encourages
family breakup and single motherhood (Hancock 2004).
These characteristics—deservingness (work ethic), race, gender, marital status, number
of children, and criminal record—are all therefore well-established and longstanding stereotypes
of welfare recipients among Americans. For this reason, they are ideal for validating the use of
conjoint experiments in measuring stereotypes. Further, our study also contributes to this large
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literature by directly comparing the centrality of these attributes to the stereotypes of welfare
recipients; many studies claim that one is more important than others, and this method can help
directly compare them.
More recently, some scholars have argued that immigrants, particularly undocumented
immigrants from Latin American countries, have come to play a central role in welfare
stereotypes. At least since the battles over California’s Proposition 187 in the early 1990s,
conservative elites have attempted to portray immigrants as “freeloaders” who come to the
United States not to work, but to receive welfare benefits (J. Brown 2021; Calavita 1996). While
recent immigrants have been ineligible for most government benefits since 1996, conservative
politicians have continued to link welfare programs and illegal immigration, as when former
president Trump said: “I am tired of seeing our taxpayer paying for people to come into the
country and immediately go onto welfare and various other things.”6
However, the success of this rhetoric is less clear. Some studies find a correlation
between negative stereotypes of Hispanics or immigrants and negative attitudes towards welfare
(H. Brown 2013; Reese 2005), with one recent study concluding that “the American welfare state
today has become more ‘immigrationalized’ than ‘racialized’” (Garand, Xu, and Davis 2017,
147; also see Haselswerdt 2021). But other recent work argues that most Americans have not
incorporated immigration status into their stereotypes of welfare recipients, and that the
correlation between immigration and welfare attitudes is driven by general conservative
ideology, not by a growing association of immigrants and Hispanics with welfare (Levy 2020).
By comparing the importance of immigration status to other attributes, the conjoint measurement
can shed light on this debate.

6

https://www.nytimes.com/2019/08/14/us/immigration-public-charge-welfare.html
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Validity Tests
A lengthy literature establishes that stereotypes of welfare recipients among white Americans
cover a wide range of attributes: “deservingness” (generally characterized in terms of willingness
to work and criminal record), race/ethnicity, and gender or gendered characteristics (marital
status and number of children).7 It makes stereotypes of welfare recipients a useful case for
validating the conjoint measure by providing strong a priori expectations. These include the
overall content of the stereotype (e.g., deservingness, race, and gender should play a significant
role in the stereotype) as well as strong expectations for how individual characteristics should be
related to the stereotype (e.g., those with negative attitudes towards blacks should associate
welfare more strongly with blacks), and how these stereotypes should be associated with support
for welfare (e.g., people who stereotype welfare recipients as lacking work ethic should show
less support for welfare). Moreover, the complexity of the welfare stereotype allows us to
demonstrate the key strengths of the measure: its ability to assess the role of multiple
characteristics and compare the importance of different characteristics to the stereotypes.
Based on this literature, we develop tests for the face, concurrent, and validity of the
measure. Our hypotheses and tests focus on non-Hispanic white Americans because stereotypes
about welfare recipients have been best studied within this group.
Face Validity
First, the literature establishes an expectation that welfare recipients are perceived to be black,
female, and “undeserving,” in the sense of violating American norms of hard work. Thus, we can
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It is worth noting that these stereotypes differ from the average characteristics of actual recipients of meanstested government programs; only 25% of recipients are black, and most are also employed, with 85% of
recipient families having at least one employed adult (Foster and Rojas 2013). Recipient families are more
likely to be headed by a single woman, but there is likely no relationship between welfare receipt and increased
birth rate for women of child-bearing age (for a review, see Schettini Kearney 2004).
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judge the face validity of a measure by whether it finds an association between race, gender, and
deservingness cues on the one hand and welfare receipt on the other hand.
● Black profiles should be more likely to be categorized as welfare recipients than white
profiles.
● Female profiles should be more likely to be categorized as welfare recipients than male
profiles.
● Profiles with cues that suggest low deservingness should be more likely to be categorized
as welfare recipients than those with cues that suggest high deservingness.
Concurrent Validity
Second, we evaluate the concurrent validity of the measure by examining whether race plays a
larger role in the stereotype of welfare recipients among those who have anti-black attitudes and
deservingness cues play a larger role in welfare stereotypes among those high on individualism.
● There should be a positive correlation between anti-black attitudes and IMCEs for the
black attribute.
● There should be a positive correlation between individualism and IMCEs for the
deservingness attributes.
Predictive Validity
Finally, we evaluate predictive validity by testing whether white respondents who see welfare
recipients as black and “undeserving,” as measured by IMCEs for the respective attributes,
express lower support for welfare.
● Respondents with a high IMCEs for the black attribute exhibit lower support for welfare
spending.
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● Respondents with high IMCEs for the deservingness attribute exhibit lower support for
welfare spending.
Question Wording
Finally, we evaluate the “typicality” vs. “likelihood” instructions by comparing the results from
each wording on the above validity tests. As detailed above, we expect that the typicality
wording will produce a measure with better face, concurrent, and predictive validity than the
likelihood wording.
Research Design
Participants, Procedure, and Measures
We recruited participants through the Lucid platform, an online source of demographically
representative convenience samples of U.S. adults, in January 2021. Lucid samples are close to
the demographic benchmarks from the American National Election Studies and replicate effects
from experiments conducted on national probability samples (Coppock and McClellan 2019).
Lucid also provides participants’ demographics: age, gender, education, income, race/ethnicity,
and partisanship (on the 7-point scale from 1 = Strong Democrat to 7 = Strong Republican).
A total of 1,309 non-Hispanic white respondents completed the survey.8 Sample
characteristics are as follows. Mean age is 49.5 years and the gender composition is 53.2%
female. Median income is between $45,000 and $49,999. As many as 45.8% of respondents
report having college degrees. The sample is balanced by partisanship with 35.7% of respondents
being Democrats, 38.4% Republicans, and 25.9% independents.
The survey proceeded in the following order. Respondents started from reporting their
opinions on welfare policies using four questions about support for redistribution and attitudes to

8

This number excludes two respondents who failed attention checks and 33 respondents who used the exact same
rating scores for all profiles in the conjoint experiment.
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welfare recipients (see Gilens 1999; Levy 2020). Then, they completed the conjoint task
(described in more detail in the section below). After the conjoint task, respondents answered the
questions on anti-black attitudes and individualism.
We operationalized negative attitudes towards blacks using the Fear, Institutionalized
Racism, and Empathy (FIRE) scale designed to capture both affective and cognitive aspects of
modern racial attitudes (DeSante and Smith 2020a). The FIRE scale may better measure racial
attitudes among the younger generations (DeSante and Smith 2020b), is not explicitly related to
conceptions of deservingness, and has been used in other recent studies (e.g., Green and
McElwee 2019; Jardina, Kalmoe, and Gross 2020). Individualism was measured using a fouritem battery asking respondents about their support for the ethos of self-reliance (Feldman et al.
2020). See Supplementary Material for the question wordings and response options.
Conjoint Design
Based on the existing literature on stereotypes of welfare recipients, we included the attributes
and values in the conjoint design listed in Table 1. These include race/ethnicity, gender, marital
status, number of children, and immigration status that existing literature identified as elements
of stereotypes about welfare recipients. For immigration status, we used the term
“undocumented/illegal,” as either “undocumented” or “illegal” by itself could signal political
affiliation (for a similar use, see Flores and Schachter 2018). In addition to these, we also
included two attributes that signaled deservingness. First, we used the person’s current
employment status, including, for those unemployed, whether they were looking for a job.
Second, we included the person’s criminal record. There are seven different values for this
attribute including no criminal record, three violent crimes, and three substance-related crimes.
Our expectation was that the effect of the three substance-related crimes would have a similar
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effect, as would the three violent crimes, so we grouped them together; we used three different
crimes in each category to maintain realism.

Table 1. Attributes for profiles in conjoint experiment
Attribute
Values
Race/Ethnicity
White
Black
Hispanic
Gender
Male
Female
Marital Status
Married
Not Married
Has Children
No: Zero
Yes: One, Two, Three
Immigration Status U.S. Citizen
Green-Card Holder
Undocumented/Illegal Immigrant
Employment Status Employed
Unemployed, Seeking Employment
Unemployed, Not Seeking Employment
Criminal Record
No Criminal Record
Yes, Drug-related: DUI, Heroin Possession, Drug Sales
Yes, Violent: Aggravated Assault, Robbery, Threatening with a Weapon
Note. Collapsed attribute values are in italics.

For race, gender, marital status, number of children, immigration status, and employment
status we drew attribute levels from uniform distributions. For criminal record, we assigned a
one-third probability to each kind of criminal record (no criminal record, violent crime,
substance-related crimes), and within the kinds of criminal records an equal chance of each
specific crime. For each profile, attribute values were drawn randomly and independently.9 The
order of attributes was random across participants but held constant across all tasks for each
individual participant.

9

Due to randomization, two respondents never saw a profile with no children and were excluded from the
analysis.
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To evaluate the “likelihood” vs. “typicality” wording of the conjoint task instruction, we
randomly assigned participants to one of two instructions. Participants in the likelihood condition
were asked to rate “how likely” it is that the person is on welfare with the response scale from 0
= Extremely unlikely to 10 = Extremely likely. Participants in the typicality condition were asked
to rate how much the person is “typical of people on welfare” with the response scale from 0 =
Extremely nontypical to 10 = Extremely typical. All participants were then presented with 30
conjoint tasks; each conjoint task showed a single profile.10 Figure 1 shows an example of the
conjoint task (likelihood condition) as presented to respondents.

Figure 1. Example conjoint design profile.

10

When completing the conjoint experiment, 56 respondents ended up rating less than 30 profiles (the lowest
number of rated profiles was 27 for two respondents). These respondents were kept in the analysis.
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Results
Face Validity
Figure 2 shows the AMCEs describing aggregate stereotype content contrasting the typicality vs.
likelihood response conditions. As expected in the face validity hypotheses, the gender, marital
status, number of children, and deservingness (both employment status and criminal record)
attributes are significantly associated with judging a profile to be a welfare recipient in both
typicality and likelihood conditions. These results suggest that the conjoint measure has face
validity—the characteristics that the existing literature expects to be part of the welfare recipient
stereotype (female, not married, parent, unemployed, and rule-breaker) have positive AMCEs.
Yet, there are important differences between the typicality and likelihood conditions. First,
blacks and Hispanics are significantly associated with welfare recipients in the typicality
condition but not in the likelihood condition, though the difference between these conditions is
not statistically significant. Second, unauthorized immigrants are judged as less likely to be
welfare recipients than U.S. citizens—but not as less typical welfare recipients. Third, being
employed makes a profile much less “likely” to be judged as a welfare recipient but has a
significantly smaller, though still quite large, effect on judgments of typicality.
Figure 2 also allows comparing the relative importance of these attributes to whites’
stereotypes of welfare recipients. The results suggest that the most important attribute is related
to conceptions of deservingness: whether the person is employed and, if not, whether they are
searching for work. Perceptions of criminality also play a role, with either type of criminal
record being associated with welfare receipt. Demographic characteristics, on the other hand,
play a significant but smaller role with gender (as well as the gendered characteristic of being
unmarried and having children) being more important than race. In contrast to expectations that
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welfare has become “immigrationized,” we find no evidence that being an immigrant is a part of
the welfare recipient stereotype for whites, on average.

Figure 2. Effects of profile attribute values on stereotype ratings.
Note. N = 38,721 (total number rated profiles by all respondents). Response scales are 0–10 in
both conditions. 95% confidence intervals shown. See Table S3 in Supplementary material for
full results.

Concurrent Validity
Figure 3 tests concurrent validity by estimating the relationships between FIRE scores and
individualism on the one hand and IMCEs for being black and “undeserving” (being unemployed
and not seeking employment) on the other hand, controlling for partisanship and demographics.
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As expected, we find a positive association between FIRE scores and individual-level
stereotypes of welfare recipients as black (although it is significant on the conventional 95%
level only in the typicality condition). Furthermore, anti-black attitudes are the only significant
predictor of the racialized welfare stereotype. Also as expected, we find a positive association
between individualism and stereotyping welfare recipients as not seeking employment in both
the typicality and likelihood conditions. Other interesting effects are that Republicans and older
respondents have stronger stereotypes of welfare recipients as undeserving above and beyond the
effect of individualism.

Figure 3. Predictors of stereotypes: race and deservingness dimensions.
Note. N = 1,256. 95% confidence intervals shown. See Table S3 in Supplementary material for
full results.

Predictive Validity
Finally, we turn to using individual-level stereotypes about welfare recipients as predictors of
welfare policy. Results of the corresponding OLS regressions are presented in Supplemental
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Table S2. Model 1, without any controls, shows that welfare spending is supported less when its
beneficiaries are seen as unauthorized immigrants (an attribute that likely incorporates both
racial and normative considerations) and unemployed people not seeking employment. When
demographic controls as well as the FIRE scale and individualism are added to the model, these
coefficients decrease but retain statistical significance in the typicality condition (while turning
insignificant in the likelihood condition). Overall, in agreement with some recent findings (e.g.,
Gross and Wronski 2021), the effect of deservingness on welfare policy support is the strongest
and most consistent. These results provide support for the predictive validity of the method.

Figure 4. Effects of stereotypes on support for welfare policies.
Note. Controls: racism (FIRE), individualism, partisanship, age, gender, education, income. 95%
confidence intervals shown. See Table S3 in Supplementary material for full results.
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Conclusion
Stereotypes of Welfare Recipients
Consistent with the existing literature, we find that race, gender, and deservingness all play a role
in stereotypes about welfare recipients. In addition, an important strength of the conjoint measure
is the ability to directly compare the independent contributions of these attributes to the
stereotype. We find that deservingness, operationalized as employment seeking behavior, as well
as gender and gendered characteristics such as marital status and family size, are as or more
important than race. At the individual level, stereotyping welfare recipients as black is associated
with lower support for welfare, but this relationship is not statistically significant once controls
for demographics, individualism, and racial attitudes are added. Stereotyping welfare recipients
as not seeking work, on the other hand, is negatively associated with welfare support even in
models that include these controls. This is somewhat surprising given the prominent literature on
the link between race and welfare among white Americans (e.g., Gilens 1999), although in line
with other work that emphasizes perceptions of deservingness as the key determinant of support
for redistributive policies (Peterson 2012; Fang and Huber 2020).
There are several possible explanations for the relatively small role of race in the welfare
recipient stereotype. First, the conjoint measure may still be subject to social desirability bias,
though this can only account for the small role of race if associating welfare with race is still
perceived as socially undesirable (see Valentino, Neuner, and Vandenbroek 2018). Second, race
per se may play a smaller role in the welfare stereotype than previously thought. This is
consistent with explanations of the race–welfare attitude link that suggests that perceptions of
deservingness are the key determinants of welfare attitudes, with race functioning as a culturally
constructed heuristic for deservingness (Peffley, Hurwitz, and Sniderman 1997; Petersen 2012).
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Third, welfare stereotypes may have grown less racialized over time. This may be the result of
long-term changes to the politics of welfare, as the Trump-era Republican Party appears
relatively friendlier toward redistributive programs directed at poor whites (Smith and King
2021), or short-term economic factors, specifically the pandemic-induced recession.11 At the
same time, it is important to note that anti-black attitudes still strongly and significantly predict
opposition to welfare among whites. Potentially, this effect can be explained by some other
mechanism—for instance, beliefs that the government allocates money unfairly across racial
groups (Krimmel and Rader 2021).
The ability of the conjoint measure to directly compare the importance of different kinds
of attributes also allows us to speak to the debate about whether welfare has been
“immigrationalized,” or associated with immigrants (Garand, Xu, and Davis 2017; but cf. Levy
2020). We find that immigrants, regardless of legal status, are no more likely to be seen as
welfare recipients than U.S. citizens. We also show that the immigration–welfare stereotype
measured via conjoint IMCEs has a negative association with welfare support: those who think
of welfare recipients as unauthorized immigrants are less supportive of redistributive policies.
These results suggest one possible way to reconcile competing findings: on average, attempts to
associate undocumented immigrants with welfare have failed, but among those for whom such
rhetoric has been successful, it has lowered support for welfare.
The Validity of the Conjoint Measure
In addition to our substantive findings about the content of the welfare recipient stereotype, we
validate the conjoint measure of stereotype content. Using extensive literature in the field, we
have put forward three core tests that concern, respectively, face, concurrent, and predictive

11

There is evidence that the COVID-19 pandemic increased overall support for redistributive policies suppressing
discriminatory attitudes (Bridgman et al. 2021).
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validity of conjoint-based stereotype measures. Our results show strong support for all three
types of measurement validity. First, we have found that, consistent with existing literature,
respondents see welfare recipients as more likely to be nonwhite, female, not married, parents,
unemployed, and law-breakers. Second, stereotype contents are associated with relevant
individual-level covariates: for instance, those with individualist values are more likely to see
welfare recipients as “undeserving.” Third, some aspects of individuals’ stereotypes about
welfare recipients measured via conjoint IMCEs predict welfare policy opinions—even
controlling for demographics, partisanship, racism, and individualism.
Our results also suggest an improvement to the instructions in conjoint experiments
measuring stereotypes. Existing uses of conjoint experiments to measure stereotypes ask
respondents how likely it is that the person described by the profile is a member of the group (the
“likelihood” instruction). This contrasts with studies in the psychological literature on
categorization that ask respondents to judge how typical a person is of the group (the “typicality”
instruction). Our results suggest that the typicality instruction makes a better measure of
stereotypes. The typicality formulation passes face, concurrent, and predictive validity checks
that we have put forward in the paper setup. The likelihood formulation, in turn, demonstrates
notably weaker results in all three tests. First, results from the likelihood condition suggest that
race does not play a significant role in stereotypes about welfare recipients. Second, in the
likelihood condition we found no effect of anti-black attitudes on racialization of welfare in the
likelihood condition. Third, conjoint IMCEs generated by the likelihood instruction have weak
predictive power vis-a-vis support for welfare policies. These three results are in clear
contradiction to the extensive literature on welfare politics in the United States—and to the
results obtained in the typicality condition.
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Stereotypes play an important role in political cognition, and conjoint experiments can
unlock new advances on studying them. The standard conjoint experiment can measure
aggregate-level stereotypes in the society as a whole or the specific sub-populations. Combined
with new methods of deriving individual-level estimates, conjoint experiments can provide a
measure of stereotype content that can then be used as either an explanatory or dependent
variable in subsequent inferential analyses.
Researchers who plan on using this measure should follow some guidelines. First, unlike
measures that rely on universal stereotype dimensions (such as, for instance, “warmth” and
“competence” in the stereotype content model), the attributes included in the conjoint-based
measure must be adjusted to the specific research question. Therefore, it requires that
investigators have some idea about possible elements of the stereotype. In this paper we draw on
existing literature on the content of welfare stereotypes; in the absence of such literature, the
investigator may start with more qualitative, open-ended methods to preliminarily explore the
content of the stereotype. Second, researchers should decide on whether they are interested in
studying aggregate- or individual-level stereotypes before designing the conjoint experiment. If
they are only interested in aggregate stereotypes, researchers can use fewer rated profiles and a
wider range of attribute values; measuring individual stereotypes, in turn, requires minimizing
the number of attribute values and using at least 20 rated profiles per respondent (Zhirkov
2021a).12

12

Researchers may want to minimize the number of tasks in order to conserve survey time or because of concerns
about respondent fatigue. However, rating 20 conjoint tasks requires only slightly more than four minutes for
the median respondent. Moreover, respondents completing as many as 30 conjoint tasks show few signs of
satisficing (Bansak et al. 2018). Together, these suggest that the survey costs of including enough conjoint tasks
to measure individual-level stereotypes may be less than appears at first glance relatively modest—especially
given the benefits of the measure.
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Group stereotypes are central to political cognition; their contents impact how individuals
view political actors and government policies, how they relate to other groups in society, and
how group affiliations shape beliefs and behaviors via self-stereotyping. The importance of
stereotypes is a result of their richness—their ability to encode a variety of kinds of attributes—
but this richness also complicates attempts to measure their content. In this paper, we have
shown that conjoint experiments provide a valid measure of stereotype content at both aggregate
and individual level. We have demonstrated how it can be used to describe a substantively
important stereotype, one about welfare recipients, to examine the relationship between
stereotypes, other psychological constructs, and policy opinions. As political scientists
increasingly adopt a group-based view of politics, this measure provides an important tool for
understanding how individuals and collectives perceive politically relevant groups, and how
those perceptions shape political attitudes and behaviors.
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Supplementary Material
Support for welfare
“In the next four screens, please indicate how much you agree or disagree with the statement.”
● Most people on welfare could get by without it if they really tried. (reversed)
● The high cost of welfare puts too big a burden on the average taxpayer. (reversed)
● When people can’t support themselves, the government should help by giving them
enough money to meet their basic needs.
● Most people on welfare would rather be working than taking money from the
government.
Question order randomized.
Answers coded from 1 = Strongly disagree to 7 = Strongly agree.
Individualism
“Please indicate how strongly you agree or disagree with the following statements.”
● Even if people try hard, they often cannot reach their goals. (reversed)
● Any person who is willing to work hard has a good chance of succeeding.
● Even if people are ambitious, they often cannot succeed. (reversed)
● If people work hard, they almost always get what they want.
Question order randomized.
Answers coded from 1 = Strongly disagree to 7 = Strongly agree.
FIRE
“Please indicate how strongly you agree or disagree with the following statements.”
● I am fearful of people of other races.
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● White people in the U.S. have certain advantages because of the color of their skin.
(reversed)
● Racial problems in the U.S. are rare, isolated situations.
● I am angry that racism exists. (reversed)
Question order randomized.
Answers coded from 1 = Strongly disagree to 7 = Strongly agree.
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Table S1. Effects of profile attribute values on stereotype ratings by condition
Typicality
Black
0.12*
(0.06)
Hispanic
0.12*
(0.05)
Female
0.17***
(0.04)
Not Married
0.14***
(0.04)
Yes
0.70***
(0.06)
Green-Card Holder
−0.04
(0.05)
Undocumented/Illegal Immigrant
−0.07
(0.07)
Employed
−1.07***
(0.07)
Unemployed, Not Seeking Employment
0.61***
(0.07)
Yes, Drug-related
0.24***
(0.07)
Yes, Violent
0.18*
(0.08)
N
18,990
Note. Standard errors in parentheses
*
p < 0.05, ** p < 0.01, *** p < 0.001
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Likelihood
0.01
(0.06)
−0.09
(0.06)
0.21***
(0.05)
0.21***
(0.05)
0.85***
(0.06)
0.11*
(0.06)
−0.44***
(0.08)
−2.01***
(0.09)
0.59***
(0.07)
0.14
(0.07)
0.16*
(0.07)
19,731

Table S2. Predictors of stereotypes: race and deservingness dimensions
Typicality
Likelihood
IMCE:
IMCE:
IMCE:
IMCE:
Black
Not Seek Job
Black
Not Seek Job
Racism (FIRE)
0.93**
0.19
0.59
0.85*
(0.33)
(0.42)
(0.35)
(0.39)
Individualism
0.32
0.79*
0.05
0.98**
(0.29)
(0.36)
(0.32)
(0.35)
Age
0.41
1.09***
−0.06
0.52
(0.25)
(0.32)
(0.27)
(0.30)
Female
−0.19
0.24
−0.19
0.16
(0.11)
(0.14)
(0.12)
(0.14)
Income
−0.13
−0.27
0.04
0.15
(0.20)
(0.25)
(0.23)
(0.25)
Education
−0.35
−0.23
0.13
−0.42
(0.24)
(0.30)
(0.25)
(0.28)
Republican
0.12
0.45*
0.08
0.18
(0.18)
(0.23)
(0.19)
(0.21)
N
616
640
Note. Standard errors in parentheses
*
p < 0.05, ** p < 0.01, *** p < 0.001
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Table S3. Effects of stereotypes on support for welfare policies by condition
Typicality
Likelihood
No controls
Controls
No controls
Controls
*
IMCE: Black
−0.28
−0.15
−0.11
−0.05
(0.14)
(0.12)
(0.13)
(0.11)
IMCE: Hispanic
−0.06
−0.00
−0.10
−0.03
(0.14)
(0.12)
(0.12)
(0.11)
IMCE: Female
−0.01
0.02
0.02
−0.06
(0.09)
(0.07)
(0.08)
(0.07)
IMCE: Not Married
−0.09
−0.05
0.01
0.03
(0.08)
(0.07)
(0.07)
(0.06)
IMCE: Has Children
0.06
0.05
0.12
0.11
(0.08)
(0.07)
(0.08)
(0.06)
IMCE: Green-Card Holder
0.02
−0.03
−0.01
−0.02
(0.10)
(0.08)
(0.08)
(0.07)
IMCE: Unauthorized Immigrant
−0.44***
−0.24**
−0.30***
−0.11
(0.09)
(0.08)
(0.07)
(0.06)
IMCE: Employed
0.12
0.11
0.07
0.06
(0.07)
(0.06)
(0.05)
(0.05)
IMCE: Unemployed, Not Seeking
−0.30***
−0.21**
−0.22**
−0.06
(0.08)
(0.07)
(0.08)
(0.07)
IMCE: Criminal Record, Drug-related
0.05
−0.19
−0.22
−0.12
(0.16)
(0.14)
(0.13)
(0.11)
IMCE: Criminal Record, Violent
−0.20
0.04
0.10
−0.02
(0.14)
(0.12)
(0.12)
(0.10)
FIRE
−0.28***
−0.33***
(0.04)
(0.04)
***
Individualism
−0.30
−0.22***
(0.04)
(0.04)
Age
−0.02
0.01
(0.03)
(0.03)
Female
0.00
−0.02
(0.01)
(0.01)
Income
−0.07**
−0.08**
(0.03)
(0.03)
Education
−0.02
0.01
(0.03)
(0.03)
Republican
−0.10***
−0.15***
(0.02)
(0.02)
N
634
616
659
640
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